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[Abstract] The surface seismic data has always been suffering from the problem of low resolution because of the
absorption and the attenuation in the strata, while the cross—well seismic data has much higher resolution. In this

paper, a three —layer BP neural network is employed to build the model which simulates the inversion response
system of the absorption in the strata and connects these two kinds of seismic data. The surface seismic data is set

as the input of the BP neural network model which can improve its resolution by recovering the high frequency
component. The high frequency components are compensated and the resolution of the seismic data is
enhanced. The practical results demonstrate that the frequency of the surface seismic data is increased about

12Hz and the frequency bandwidth is broadened about 8Hz.
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